T he prevalence and incidence of type 2 diabetes, representing .90% of all cases of diabetes, are increasing rapidly throughout the world. The International Diabetes Federation has estimated that the number of people with diabetes is expected to rise from 366 million in 2011 to 552 million by 2030 if no urgent action is taken. Furthermore, as many as 183 million people are unaware that they have diabetes (www.idf.org). Therefore, the identification of individuals at high risk of developing diabetes is of great importance and interest for investigators and health care providers.
Type 2 diabetes is a complex disorder resulting from an interaction between genes and environment. Several risk factors for type 2 diabetes have been identified, including age, sex, obesity and central obesity, low physical activity, smoking, diet including low amount of fiber and high amount of saturated fat, ethnicity, family history, history of gestational diabetes mellitus, history of the nondiabetic elevation of fasting or 2-h glucose, elevated blood pressure, dyslipidemia, and different drug treatments (diuretics, unselected b-blockers, etc.) (1) (2) (3) .
There is also ample evidence that type 2 diabetes has a strong genetic basis. The concordance of type 2 diabetes in monozygotic twins is~70% compared with 20-30% in dizygotic twins (4) . The lifetime risk of developing the disease is~40% in offspring of one parent with type 2 diabetes, greater if the mother is affected (5) , and approaching 70% if both parents have diabetes. In prospective studies, we have demonstrated that first-degree family history is associated with twofold increased risk of future type 2 diabetes (1, 6) . The challenge has been to find genetic markers that explain the excess risk associated with family history of diabetes.
Advances in genotyping technology during the last 5 years have facilitated rapid progress in large-scale genetic studies. Since 2007, genome-wide association studies (GWAS) have identified .65 genetic variants that increase the risk of type 2 diabetes by 10-30% (7, 8) . Most of these variants are noncoding variants, and therefore their functional consequences are challenging to investigate. Many of the variants identified to date regulate insulin secretion and not insulin action in insulin-sensitive tissues.
In a review by Noble et al. (3) , a total of 43 different studies were presented where nongenetic prediction models for type 2 diabetes, including known risk factors for type 2 diabetes with different combinations, had been analyzed. Heterogeneity of data and highly variable methodology of primary studies precluded meta-analysis. Altogether, 84 different risk prediction models were presented in 43 studies. C statistics varied from 0.60 to 0.91 (from 0.60 to 0.69 in 5 models, from 0.70 to 0.79 in 44 models, from 0.80 to 0.89 in 32 models, and $0.90 in 3 models). These results indicate that clinical, laboratory, and other easily collected information by interview constitutes in most cases a solid basis for nongenetic prediction models in type 2 diabetes.
Identification of a large number of novel genetic variants increasing susceptibility to type 2 diabetes and related traits opened up opportunity, not existing thus far, to translate this genetic information to the clinical practice and possibly improve risk prediction. However, available data to date do not yet provide convincing evidence to support use of genetic screening for the prediction of type 2 diabetes.
In this review, we summarize the current evidence on the role of genetic variants to predict type 2 diabetes above and beyond nongenetic factors and discuss the limitations and future potential of genetic studies.
Genetic prediction models for type 2 diabetes: evidence from cross-sectional and longitudinal studies Several studies have indicated that different genetic variants (single nucleotide polymorphisms [SNPs] ) are associated with type 2 diabetes. Genetic risk models for type 2 diabetes, based on both crosssectional (9-17) and longitudinal (1, (17) (18) (19) (20) (21) (22) (23) (24) studies, are summarized in Table 1 . Cross-sectional studies. In crosssectional studies including 3,000-9,000 individuals with and without type 2 diabetes, the discriminatory ability of the combined SNP information has been assessed by grouping individuals based on the number of risk alleles and determining relative odds of type 2 diabetes, as well as by calculating the area under the receiver operating characteristic curve (AUC). As shown in Table 1 , the AUC of the genetic risk score (GRS), which combines the information from all risk variants included in the study, has ranged from 0.54 to 0.63, indicating that genetic factors have limited use in predicting an individual's risk of the disease. In contrast, the AUC has been considerably larger (from 0.61 to 0.95) for clinical models including different combinations of clinical and laboratory parameters (age, sex, and BMI in all models and family history of diabetes and fasting glucose in most of the models) predicting the risk of type 2 diabetes. Adding the GRS in the same model shows that in addition to clinical and laboratory parameters, risk variants increase only minimally the predictive value at the population level, although the model improvement could be statistically significant (P , 0.05) in some cases.
Perhaps the most important clinical question in cross-sectional studies is trying to identify undiagnosed individuals with type 2 diabetes. We addressed this question in our large population-based Metabolic Syndrome in Men (METSIM) Study (16) . We identified undiagnosed type 2 diabetic patients using the Finnish Diabetes Risk Score alone (25) , which was the best single indicator of prevalent undiagnosed diabetes among all variables tested in our study. The AUC based on logistic regression models for the identification of previously undiagnosed type 2 diabetic subjects with the Finnish Diabetes Risk Score alone was 0.727, and it was 0.772 after adding total triglycerides, HDL cholesterol, adiponectin, and alanine transaminase in the model. Adding type 2 diabetes risk alleles (20 SNPs) did not further improve the model (0.772) (16) . Therefore, in our study common genetic variants did not seem to add any information on the identification of people having undiagnosed diabetes. Longitudinal studies. Longitudinal studies can address the question of what the nongenetic and genetic risk factors predicting incident type 2 diabetes are. Several large population-based follow-up studies have been published aiming to investigate the predictive power of common genetic variants on the risk of incident type 2 diabetes (Table 1) . These studies, including genetic information from 2 to 40 SNPs, reported results surprisingly similar to those from crosssectional case-control studies. Estimates of C statistics have ranged from 0.54 to 0.63. Different clinical predicting models gave/ provided more significant C statistic values from 0.63 to 0.917, which are also quite similar to those based on cross-sectional studies. Risk variants did not essentially increase the AUC to predict type 2 diabetes when combined with clinical risk factors. In one study, type 2 diabetes risk prediction of a combined clinical and genetic model was somewhat better in younger (,50 years) than in older ($50 years) individuals (19) and in women than in men (18) . Most of these prospective studies were performed in Caucasian populations, with only one in Chinese (17) .
Are genetic prediction models for type 2 diabetes worthless? Both cross-sectional and longitudinal studies published thus far (Table 1) demonstrate that genetic screening for the prediction of type 2 diabetes in high-risk individuals is currently of little value in clinical practice. Table 2 lists several limitations of GRSs published (Table 2) . Small effect size of genetic loci. Effect sizes of common genetic variants for type 2 diabetes identified to date are rather modest, ranging from 10 to 35% (7, 8) . An attempt to compose a GRS combining several genetic variants has shown only a 10-12% increased risk of disease with increasing number of the risk alleles. In the Malmö Preventive Project study (1), care.diabetesjournals.org DIABETES CARE, VOLUME 36, SUPPLEMENT 2, AUGUST 2013 S121 the effect was approximately twofold increased when carriers of the highest and the lowest number of risk alleles were compared (top 20% $12 vs. bottom 20% #8 risk alleles). Increasing the number of novel genetic variants up to 40 did not seem to largely improve the risk prediction (19) . The observed modest effect sizes could be partially attributed to the fact that low frequency or rare variants
have not yet been reported. Also, it is worth mentioning that the majority of the identified loci from GWAS are not, in fact, genes. The type 2 diabetes-associated loci represent an associated SNP, and there are still no data on whether the top associated signal represents the "causal gene"dmuch less the "causal variant." Low discriminative ability of the GRS. A good diagnostic test in clinical practice has high sensitivity and specificity. Consistently across all studies, the C statistics of the AUC for genetic models are typically~0.60 suggesting that a genetic test performs just a little better than flipping a coin. These results demonstrate that the performance of a genetic test remains rather poor even after adding all recently identified genetic variants in the model (19) . This may not be very surprising, since these variants explain only~10-15% of the heritability of type 2 diabetes (7). The application of the genome-wide effects taking into account all SNPs and not just those that reach a Bonferroni level of significance has recently been used in studies on height (26 (38) . These patients, positive for GAD antibodies, may include~10% of all diabetic patients (39) and are the most important subtype of diabetes leading to misclassification of diabetic patients. Additionally, recent exome sequencing studies have demonstrated that there is a continuously increasing number of monogenic forms of diabetes, which implies that the definition of type 2 diabetes in previous genetic studies may have been imprecise (40, 41) . Thus, it is very likely that every study population includes a varying number of individuals who have monogenic diabetes and who have been misclassified as having type 2 diabetes. Finally, it is important to note that several large-scale case-control or cohort studies have not applied an OGTT, which implies that their nondiabetic control group includes a varying number of individuals having type 2 diabetes. Imprecise classification of individuals with diabetes into subtypes and poor diagnostic procedures to find or exclude individuals with diabetes have considerably weakened the power of previous genetic prediction models. More careful phenotyping and classification of participants into different subtypes of diabetes are needed in future studies aiming to improve genetic prediction models. Dynamic measures of b-cell function (i.e., glucose-stimulated insulin secretion during an OGTT) and insulin resistance (i.e., during clamp) among nondiabetic individuals will be largely insightful for the design of future studies. New sequencing techniques will identify low-frequency and rare variants with large effect sizes. Genome-wide association studies are based on the "common disease, common variant" hypothesis, assuming that common diseases are attributable in part to allelic variants present in .5% of the population (42) . These studies have been able to identify only relatively common variants that essentially contributed to the generation of different genetic risk models for complex diseases, including type 2 diabetes. Therefore, new technologies (exome sequencing, custom-made exome chips) are needed to identify low frequency (,5%) or rare (,0.5%) variants having larger effect sizes that could potentially explain a part of the "missing heritability" (43) . Importantly, as previously mentioned, the GRS that emerges from GWAS may not, in fact, be using the "true" causal variant (or may not even be in the true causal gene). As a result, through finemapping and sequencing, perhaps the true genes/variants can be identified and, with use of these in a GRS, the prediction ability might increase. It has been estimated that 20 variants with risk allele frequency of 1% and allelic odds ratio of 3.0 could account for most familial aggregation of type 2 diabetes (43). Results from exome sequencing and custommade exome chip studies soon to be published will clarify the role of variants with a population frequency ,5% in chronic diseases, including type 2 diabetes. This work will be facilitated by the comprehensive catalog of variants with the minor allele frequency .1% generated by the 1000 Genomes Project (http://www.1000genomes.org/page. php). Identification of low frequency and rare variants makes it possible to search for causal variants in gene regions having simultaneously common variants associated with the disease.
Studies on monogenic forms of diabetes have clarified the relative importance of rare mutations having large effects sizes versus common SNPs having small effect sizes. Lango et al. (44) included a total of 410 individuals having causal mutations in the hepatic nuclear receptor 1a (maturity-onset diabetes of the young 3) in their study. They generated a single GRS representing the combined genetic susceptibility for type 2 care.diabetesjournals.org DIABETES CARE, VOLUME 36, SUPPLEMENT 2, AUGUST 2013 S123 (48) . Next-generation sequencing has a considerably better potential than conventional sequencing to find structural variation, which could contribute to the understanding of the genetics of type 2 diabetes. However, it is not very likely that CNVs play a major role in the genetics of type 2 diabetes, given the fact that CNVs have been estimated to affect up to 5% of the human genome (43) . Epigenetics means heritable changes in gene function attributable to chemical modifications of DNA and its associated proteins, independent of the DNA sequence. The most investigated epigenetic modifications are methylation of cytosine residues in DNA and histone modifications (50) . Changes in DNA methylation have been shown to be linked with some variants increasing the risk of type 2 diabetes. Hypermethylation of the maternal allele of KCNQ1 results in monoallelic activity of the neighboring maternally expressed protein-coding genes and is associated with the risk of type 2 diabetes (51). Similarly, maternally expressed KLF14 only increases the risk when carried on the maternal chromosome and acts as a master trans regulator of adipose tissue expression (52) . These examples demonstrate the possibility that several other genes, yet to be discovered, can contribute to the risk of type 2 diabetes via epigenetic mechanisms. Combining the advantages of GWAS and epigenome analyses might pave the way to better understanding of the pathogenesis of type 2 diabetes and improve genetic risk models. Unfortunately, methods to estimate wholegenome methylation are still under development and catch only a minor fraction of all methylation sites. Technical improvements in near future might make genome-wide methylation scans more extensive and reliable. Large population-based studies and development of statistical methods will improve analyses of gene-gene and gene-environment interactions. Most previous studies on the genetics of type 2 diabetes, especially before the era of GWAS, applied a single-locus analysis strategy and thus ignored interactions. Recent advances in genotyping have considerably improved the opportunity to investigate the genetic architecture of type 2 diabetes and have made it possible to perform meta-analyses of several population-based studies often including .100,000 participants. Although these studies exhibit considerable heterogeneity, which weakens their power, they have paved the way to studies of genegene and gene-environment interactions. Recent advances include Metabochip, a custom-made Illumina array (Illumina, San Diego, CA), including 217,000 SNPs, and Illumina Human Exome BeadChip including .250,000 putative functional exonic variants that are especially suited for genetic studies of type 2 diabetes. These large populations allow meta-analyses based on identical genetic platforms, which minimize the heterogeneity of genotyping results.
Gene-gene and gene-environment interaction analyses based on large populations increase the power to detect novel variants and more accurately characterize the genetic effects. They also may help to elucidate the biological and biochemical pathways responsible for complex diseases, e.g., type 2 diabetes, and identify the environmental effects. Risk prediction models including significant interactions also improve disease risk prediction. Interaction analyses require sophisticated statistical methods to analyze genetic interactions. For example, exhaustive evaluation of all two-marker models in GWAS data are already challenging, given the fact that 5 3 10 211 possible models from a set of 1 million SNPs need to be calculated (53) . The ultimate goal is to integrate modern statistical methods with genetic data and biological knowledge, which will further improve the power to detect complex interactions (54) .
Conclusions
Genetic testing for the prediction of type 2 diabetes in high risk individuals is currently of little value in clinical practice.
The limitations of genetic risk models are small effect size of genetic loci, low discriminative ability of the genetic test, small added value of genetic information compared with the clinical risk factors, questionable clinical relevance of some genetic variants in disease prediction, and the lack of appropriate models for studies of gene-gene and gene-environment interactions in the risk prediction.
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For improvement of the genetic risk models in the future, the definition of type 2 diabetes and classification of subtypes of diabetes should be more precise, new sequencing techniques should be applied to identify low-frequency and rare variants having a large effect size, non-European ancestry populations should be investigated to identify new variants relevant to type 2 diabetes prediction, studies of structural variation and epigenetics should be performed to identify new variants relevant to type 2 diabetes prediction, and modern statistical methods should be developed and applied in studies of gene-gene and gene-environment interaction in large populations.
